
    
      Fig. 3 
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        Radio source that can be rejected as a AGN remnant candidate as the optical image, taken by Pan-STARRS1, reveals that the corresponding optical host of the radio source is a nearby star-forming spiral galaxy.

      

    

  
    
      Fig. 5 
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        Results of SOM training. The first panel shows a 9 × 9 SOM trained with our training set. The second panel shows how all sources in the training set map to the SOM, and the third panel shows the subset of ‘AGN remnant candidates’ from the training set mapped to the SOM.

      

    

  
    
      Fig. 7 
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        Quantitative training metrics for the SOM in Fig. 5, showing the steadily decreasing AQE on the left y-axis and the TE on the right axis.

      

    

  
    
      Fig. 10 
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        Confusion matrix for our trained classifier applied to the test set, using a prediction threshold of 0.25.

      

    

  
    
      Fig. 11 
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        Randomly picked examples of true negatives from the test set. True negatives are yet-to-be inspected radio sources for which the model-predicted label is ‘non-candidate’. As our trained model is able to distinguish these sources from the sources that were labelled ‘AGN remnant candidate’ during initial visual inspection, these sources are less likely to be labelled ‘AGN remnant candidate’ upon subsequent visual inspection.

      

    

  
    
      Fig. 12 
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        Randomly sampled examples of true positives from the test set. True positives are radio sources for which our model-predicted label matches the ‘AGN remnant candidate’ label from the initial visual inspection.

      

    

  
    
      Fig. 13 
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        Randomly sampled examples of false positives from the test set. False positives are not yet inspected radio sources for which the model-predicted label is ‘AGN remnant candidate’. False positives indicate that our trained model cannot distinguish these sources from the sources labelled ‘AGN remnant candidate’ during the initial visual inspection. Therefore, these false positives are more likely to be labelled ‘AGN remnant candidate’ upon subsequent visual inspection.

      

    

  
    
      Fig. A.1 
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        Randomly picked sources from the training set that showcase concentration index values below the 20th and above the 80th percentile.

      

    

  
    
      Fig. A.2 
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        Randomly picked sources from the training set that showcase clumpiness index values below the 20th and above the 80th percentile.

      

    

  
    
      Fig. A.3 
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        Randomly picked sources from the training set that showcase Gini coefficient values below the 20th and above the 80th percentile.
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